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Abstract: Understanding how digital information sources influence retail investor behaviour in emerging 

markets is critical for financial stability and inclusion. This study examined whether social media use and 

offline social interaction shape equity investment decisions among Indonesian retail investors and whether 

risk tolerance mediates these relationships. We surveyed 300 self-directed stock investors and analysed the 

data with partial least-squares structural equation modelling (SmartPLS). The measurement model satisfied 

all reliability and validity thresholds and the structural model achieved good fit, high predictive relevance 

and no multicollinearity. Investment decisions were explained. Social interaction increased investment 

propensity and elevated risk tolerance; the mediated component represented 35 % of the total effect. Social 

media exposure produced neither direct nor indirect influence. Risk tolerance strongly predicted investment 

behaviour, whereas loss aversion dampened it. These results demonstrate that interpersonal networks, rather 

than digital feeds, are the primary conduit through which Indonesian investors acquire actionable 

information, and that building appropriate risk tolerance is pivotal for translating social learning into market 

participation.  The  findings isolate  context-specific drivers  within  behavioural finance  and  suggest that  

https://jonuns.com/
http://creativecommons.org/licenses/by/4.0
https://doi.org/10.55463/issn.1674-2974.52.6.6


Journal of Hunan University (Natural Sciences）  Vol. 52 No. 6, June 2025         

Page | 57 

policy efforts should focus on investor communities and risk-education initiatives rather than generic social-

media campaigns. Future research should replicate the model in other emerging economies and incorporate 

real-time sentiment analytics to clarify boundary conditions as algorithmic trading and social platforms 

continue to converge. 

Keywords: social media; investment decision-making; risk tolerance; behavioural finance social 

interaction; retail investors; Indonesia.

社交媒体和社交互动在数字时代投资决策中的作用 

：受风险承受能力的调节 

摘要：了解数字信息源如何影响新兴市场散户投资者的行为，对维护金融稳定与提升普惠金融至

关重要。本研究考察了社交媒体使用与线下社会互动是否影响印尼散户的股票投资决策，以及风

险承受能力在其中是否发挥中介作用。研究团队对300名自主决策的股票投资者进行问卷调查，并

采用偏最小二乘结构方程模型（SmartPLS）进行数据分析。测量模型满足所有可靠性与效度阈值

，结构模型亦表现出良好拟合度、高预测相关性且不存在多重共线性。结果显示，社会互动不仅

提高了投资倾向，还提升了风险承受能力；中介效应占总效应的35%。社交媒体曝光无直接或间

接影响。风险承受能力对投资行为具有强预测力，而损失厌恶则抑制投资行为。研究表明，人际

网络而非数字信息流是印尼投资者获取可操作信息的主要渠道，培养适当的风险承受能力是将社

会学习转化为市场参与的关键。结论揭示了行为金融中情境特定的驱动因素，建议政策重点应放

在投资者社区建设与风险教育计划，而非泛化的社交媒体宣传。未来研究可在其他新兴经济体复

制本模型，并结合实时情绪分析，以厘清算法交易与社交平台进一步融合过程中的边界条件。 

关键词：社交媒体；投资决策制定；风险承受能力；行为金融；社会互动；散户投资者；印尼 

1. Introduction
One driver of the recent surge in stock investment is

the ready availability of information on social media. 

Such openness has attracted investors from diverse 

backgrounds, including students, homemakers and 

salaried workers. Companies now leverage social media 

both to convey corporate information and to engage with 

stakeholders. Digital investment platforms also enable 

young and novice investors to begin with modest sums, 

further broadening market participation. The growing 

enthusiasm among Millennials and Generation Z is 

largely attributable to open-access investment content 

on websites, news portals and social-media channels. 

Investment-focused accounts including 

“finfluencers” [1-5] have become key sources of 

financial advice. 

The Fig.1. shows the number of social media users 

in Indonesia, namely: 
Figure 1. Data (Trends) and Predictions of Internet 

and Social Media Users in Indonesia 2017-2026 

Source: (https://data.goodstats.id, 2023) 
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By 2026, 81.82% of Indonesians are expected to have 

their own social media. This figure has doubled from 

2017, which amounted to 47.03%. Social media users in 

Indonesia are only 47.03% of the population. This figure 

is expected to double by 2026 with a total of 81.82% 

users. Not only that, 78.5% of internet users are 

estimated to use at least 1 social media account. This 

value is predicted to continue to grow in the coming 

years. 

Meanwhile, based on the results of the 2023 survey, 

in terms of age alone, social media users are dominated 

by 18-34 year olds (54.1%), with female gender (51.3%) 

while male (48.7%). Indonesians spend an average of 3 

hours and 14 minutes per day and 81% access it every 

day. Activities that are often carried out also vary from 

sharing photos / videos (81%), communication (79%), 

news / information (73%), entertainment (68%), online 

shopping (61%) (https://www.rri.co.id, n.d.). 

The digital revolution has fundamentally changed the 

way information is disseminated, where the internet 

facilitates users to share their insights and perspectives 

instantly to a global audience through social media 

platforms such as Facebook, Twitter, LinkedIn and 

Instagram. The proliferation of these social media 

platforms has significantly minimized information gaps 

in the investment decision-making process [6-9]. 

Continuous media exposure plays an important role 

in shaping an individual's perception of reality. In the 

investment context, social media platforms influence 

investors' understanding of market dynamics, 

investment trends and economic opportunities, 

ultimately impacting their investment choices. This 

relationship between social media and investment 

decision- making can be understood through cultivation 

theory, which explains that individuals who consistently 

consume media content tend to adopt the worldview 

presented by those media sources. Based on this 

theoretical framework, investors as individuals tend to 

follow what they observe and hear through media 

channels. This phenomenon is particularly prominent in 

today's digital age, where access to social media is easy 

and widespread. 

Social factors are recognized as powerful influences 

and can have a significant impact on investors' decision-

making process. Recent studies on investment decision-

making reveal that individual investors do not make 

financial decisions independently; instead, they rely on 

information gathered through social interactions with 

others [10-15]. Social interactions with family, friends, 

and through social media have become vital channels for 

sharing information and ideas [1; 16-17]. These social 

interactions show that individuals engage with others to 

obtain information needed to make the right investment 

decisions [18-20].  

Research on the influence of social factors on 

investment decisions is crucial to do because it can 

deepen our understanding of real investor behavior. 

Social factors are believed to have a significant role in 

influencing investment decisions made by investors. By 

understanding these social concepts, investors can make 

better investment decisions through a thoughtful 

understanding of their social media usage and social 

environment interactions. 

This understanding will help investors to maintain 

their long-term investment strategies and be more 

prudent in their investment decisions without being 

easily swayed by pressures or opinions from their social 

environment. Thus, it is important to conduct research 

that considers the influence of these social factors so that 

a more realistic and accurate investment decision-

making model can be developed in accordance with the 

social dynamics that occur in society. 

2. Method

2.1 Type of Research 

The approach used in this research is a quantitative 

approach. The quantitative approach views human 

behavior as predictable and social reality, objective and 

measurable [21]. This quantitative research uses a 

survey approach. Survey is a quantitative study used to 

examine the symptoms of a group or individual 

behavior. In general, surveys use questionnaires as data 

collection tools [22].  

2.2. Place and Time of Research 

This research was conducted in Indonesia using 

research objects, namely retail investors who invest in 

the Indonesian capital market, namely stock investment. 

This research was conducted in 2025 using data on the 

number of active retail investors until December 2024 

obtained from the Indonesia Stock Exchange. 

2.3 Types and Sources of Data 

The types of data used are primary and secondary 

data. Primary data in this study were obtained from 

questionnaires distributed to respondents in this study, 

namely stock investors. Secondary data in this study 

were obtained from the Indonesia Stock Exchange in the 

form of documents and articles taken from the website. 

2.4 Population and Sample 

The population in this study is spread across 

Indonesia and invests in stocks in the Indonesian capital 

market. The total population in this study is 4,915,744 

stock investors on the Indonesia Stock Exchange. The 

sampling technique used in this study was proportional 

stratified random sampling. According to (Ferdinand, 

2002) , SEM requires the number of samples that must 

be met is at least 100 or the number of parameters 

multiplied by 5-10. In this study, the number of 

parameters is 13 and if multiplied by 10, the number is 

130. So that the minimum sample size that must be met

is 130 respondents. The more the number of samples, the

better it will be for a study. The number of samples used

in this study were 300 retail stock investors in Indonesia.

In the sample that was drawn, the researcher determined
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several criteria so that the sample used as the object of 

the study could provide appropriate answers and become 

a valid source of data. The criteria determined in 

drawing the sample were: 

a. Investors are active investors and have invested for

at least 1 year

b. Investors are retail investors who independently

manage their investments

c. Investors who invest in shares on the Indonesia Stock

Exchange

2.5 Operational Definition of Variables 

The variables and each indicator in this study can be 

seen in the following table. 

Table 1. Operational Definition of Variables 
Variable Measurement Item 

Exogenous Variable 

Social 

Interaction 

1. Family members

2. Reference group

(Akhtar et al., 2018; 
Shanmugham & Ramya, 
2012) 

Social Media 1. Content on social

media

2. Influencers in social

media

(Zhang & Choi, 2022) 

Mediating Variable 

Risk 

Tolerance 

1. Readiness to take risks

2. Fund allocation

3. Investment experience

(Grable & Roszkowski, 

2008; Harahap et al., 2022; 

Kishor, 2020) 
(Alzoubi & Aziz, 2021) 

Endogenous Variable 

Investment 

Decision 

1. Investment rate of
return
2. Investment risk

3. Investment period

(Armansyah, 2022; 
Rahman & Gan, 2020) 

Control Variable 

Loss 

aversion 

1. Avoiding the risk of loss 

2. Sensitivity to loss

3. Recovery after loss

(Jain et al., 2019; Zahera & 

Bansal, 2018) 

Source : Developed by Authors 

2.6 Data Analysis Technique 

The analysis technique used in this research is 

Structural Equation Modeling (SEM) with SmartPLS. 

SEM is a set of statistical testing techniques that can test 

a series of relatively complex relationships between 

variables. The advantage of this analytical technique is 

its ability to simultaneously test the structural model and 

measurement model. 

2.6.1 Indicator Reliability 

The level of reliability can be seen in the outer 

loading value of each indicator. Outer Loadings are used 

to see the loading factor of each indicator used. 

According to Chin, the loading factor value of 0.5-0.6 is 

considered sufficient for early stage research . If the 

loading factor value is more than 0.7, the indicator is 

very valid and suitable for use. 

2.6.2 Convergent Validity 

An indicator is considered valid when the indicator 

has an AVE (average variance extranced) value above 

0.5. The AVE value is the average percentage of 

variance scores extracted from a set of latent variables 

estimated through the Standarized loading of their 

indicators in the process of iterating the algorithm in PLS. 

2.6.3 Internal Consistency Reliability 

Internal Consistency Reliability is an index that 

shows the extent to which a measuring device can be 

trusted to be relied upon. The tool used is to know the 

value of composite reliability, namely the construction 

is considered reliable if the composite reliability value 

is> 0.7. 

2.6.4 Variance Inflation Factor (VIF) 

VIF is done to avoid multicollinearity, namely the 

phenomenon of two or more independent variables 

being highly correlated, causing the model's predictive 

ability to be poor. According to (Sarstedt & Cheah, 

2019) multicollinearity in SmartPLS can be seen in the 

Variance Inflation Factor (VIF) value where the VIF 

value must be <5. 

2.6.5 Coefficient of Determination (R2) 

The structural model (Inner model) is evaluated 

by looking at the percentage of variance explained, 

namely by looking at R2which is a way to assess how 

much endogenous construction can be explained by 

exogenous construction. SmartPLS presents the results 

of calculating the coefficient of determination (R2) 

value, which is expected to be between 0 and 1. The 

criteria for R² ≥0.75 (0.75 or more) are referred to as 

strong construction, R² ≥ 0.50 (0.50 to 0.74) is referred 

to as moderate and R² ≥ 0.25 (0.25 to 0.49) as weak. 

2.6.6 Effect Size (f2) 

In the context of analysis using SmartPLS, the 

level of influence between variables is represented by 

the f2 value. The interpretation of the f2 value is as 

follows: f2 = 0.02: indicates a small effect, f2 = 0.15: 

indicates a moderate effect, and f2 = 0.35: indicates a 

large effect. In addition, (Hair et al., 2021) adds that f2 

values less than 0.02 can be ignored or considered to 

have no significant effect. Thus, analyzing the f2 value 

provides a clearer picture of the strength of the 

relationship between variables in the model under study. 

2.6.7 Goodness of Fit 

Measuring the right model with Standardized 

Root Mean Square Residual (SRMR). The goodness of 

fit (GoF) value of 0.1 is interpreted that the level of fit 
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of the model is small, 0.25 as medium, and 0.38 as large. 

2.6.8 Hypothesis Testing 

Hypothesis testing is a procedure that uses 

evidence from a sample to determine the feasibility of a 

hypothesis. Through this process, we can decide 

whether the hypothesis is plausible enough to be 

accepted or too implausible to be rejected. In other 

words, this indicates a significant effect of the 

exogenous variables on the endogenous variables being 

tested. This hypothesis is tested at a significant level of 

0.05 (95% confidence level). To determine the decision 

to test the hypothesis, it is done by comparing the 

significant level and alpha (0.05) with the following 

conditions: If the probability ≤ 0.05 (P-value) or t count 

(t Statistic) ≥ t table, then the null hypothesis (H0) is 

rejected and the alternative hypothesis (H1) is accepted. 

This means that the independent variable partially has a 

significant effect on the dependent variable at 5% error 

(α = 0.05). However, if the probability ≥ 0.05 (P- value) 

or t count (t Statistic) ≤ t table, then the null hypothesis 

(H0) is accepted and the alternative hypothesis (H1) is 

rejected, meaning that the independent variable partially 

has no significant effect on the dependent variable at 5% 

error (α 

= 0.05). 

3. Results
3.1. Respondent Profile

The respondent profile data used in this study are as 

follows:  

Table 2. Respondent Profile 

Profile N Percentage 

Gender 

Male 205 68 

Female 95 32 

Age 

20-29 170 56 

30-39 100 33 

40-49 30 11 

Last Education 

S1 262 87 

S2 38 13 

Job 

Private Employee 166 62 

Civil Servant 37 12 

Entrepreneur 78 26 

Income Per Month 

(IDR) 

1.000.000-3.999.999 70 23 

4.000.000-6.999.999 110 37 

7.000.000-9.999.999 52 17 

>10.000.000 68 23 

Source: Developed by the Authors 

3.2 Indicator Reliability and Coherent Validity 

Outer loadings showed the loading factor for each 

indicator, which is considered highly valid and 

appropriate when the loading factor surpassed 0.7. The 

validity was also determined when the AVE exceeded 

0.5. In order to assess Internal Consistency Reliability, 

the composite reliability value was determined. A 

construct was considered reliable if the composite 

reliability value was greater than 0.7. Meanwhile, 0.7 is 

the minimum acceptable value, with 0.8 or 0.9 

considered as ideal scores. The following are the results 

of outer loading, construct reliability and validity. 

Table 3. Indicator Reliability and Coherent Validity 

Variable/ 

Item 
Loading 

Cronbach 

α 
CR AVE 

Social 

Interaction 0,825 0,881 0,681 

S1 0,781 

S2 0,656 

S3 0,887 

S4 0,884 

Social 

Media 0,889 0,893 0,652 

SM1 0,970 

SM2 0,887 

SM3 0,675 

SM4 0,736 

Risk 

Tolerance 0,854 0,896 0,682 

RT1 0,810 

RT2 0,848 

RT3 0,843 

RT4 0,803 

Loss 

Aversion 0,784 0,856 0,599 

LA1 0,723 

LA2 0,733 

LA3 0,829 

LA4 0,805 

Investment 

Decision 0,794 0,866 0,617 

ID1 0,771 

ID2 0,806 

ID3 0,777 

ID4 0,788 

Source: Prepared by the Authors 

The factor loadings for all constructs-whether 

exogenous, endogenous, or mediating- exceeded the 0.7 

threshold, indicating that all measurement indicators 

demonstrated validity and appropriateness for the 

analysis. Additionally, Cronbach's alpha coefficients and 

Average Variance Extracted (AVE) values surpassed the 

recommended benchmarks of 0.6 and 0.5 respectively, 
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suggesting adequate convergent validity. This means 

that each latent construct accounts for over half of the 

variance observed in its corresponding measurement 

indicators. Furthermore, composite reliability values for 

all constructs exceeded 0.8, confirming that the 

variables possess strong reliability and are well-suited 

for the study. These findings collectively demonstrate 

that the measurement instruments employed in this 

research exhibit satisfactory reliability and validity 

characteristics. 

3.3 Variance Inflation Factor (VIF) 

Sarstedt & Cheah (2019), stated that 

multicollinearity using SmartPLS can be observed in the 

VIF value <5. The following are the results of the test 

conducted. 

Table 4. VIF 

Variable 
Investment 

Decision 

Risk 

Tolerance 

Social 

Media 
1,008 1,002 

Social 

Interaction 
1,192 1,002 

Risk 

Tolerance 
1,386 

Loss 

Aversion 
1,293 

Source: SmartPLS 3 (Prepared by the Authors) 

The Variance Inflation Factor (VIF) analysis revealed 

that all relationships between exogenous and 

endogenous variables fell below the threshold of 5, 

indicating the absence of multicollinearity issues or 

excessive intercorrelations among variables. The lack of 

multicollinearity is crucial for statistical analysis as it 

ensures reliable estimation of regression coefficients, 

establishes a robust model structure, allows for accurate 

evaluation of individual independent variable 

contributions, and preserves the statistical validity of 

results by eliminating potential bias in the analysis. 

3.4 Coefficient od Determination (R2) 

Chin stated that R2 values of 0.67, 0.33 and 0.19 

were referred to as strong, moderate and weak 

construction, respectively. 

Table 5. R Square and Adjusted R Square 

R Square 

R 

Square 

Adjusted 

Investment 

Decision 
0,482 0,475 

Risk 

Tolerance 
0,147 0,141 

Source: SmartPLS 3 (Prepared by the Authors) 

The coefficient of determination showed that investment 

decisions could be analyzed using social interaction, 

social media, and loss aversion variables with an R2 

value of 0.482, showing moderate relationship. In 

addition, the risk tolerance variable was explained using 

social interaction and social media with an R2 value of 

0.147, implying a weak relationship. 

3.5 Effect Size (f2) 

The interpretation of the f2value was reported as follows 

f2= 0.02, 0.15, and 0.35 showing small, moderate, and 

large effect, respectively. 

Table 6. Effect Size (f2) 

Variable 
Investment 

Decision 

Effect 

Size 

(f2) 

Loss 

Aversion 

Effect 

Size (f2) 

Social 

Media 
0,000 

Small 

Effect 
0,168 

Moderate 

Effect 

Social 

Interaction 
0,012 

Small 

Effect 
0,002 

Small 

Effect 

Risk 

Tolerance 
0,378 

Large 

Effect 

Loss 

Aversion 
0,076 

Small 

Effect 

Source: SmartPLS 3 (Prepared by the Authors) 

Based on the f2value, social media, social interaction 

and loss aversion had a small effect on investment 

decisions, while risk tolerance had a large effect. Social 

media and social interaction variables had moderate and 

small effects on risk tolerance. 

3.6 Goodness of Fit 

The Standardized Root Mean Square Residual 

(SRMR) is evaluated based on its numerical value, with 

thresholds below 0.10 or 0.08 typically deemed 

acceptable for model fit. Henseler proposed SRMR in 

2014 as a goodness-of-fit measure specifically for 

Partial Least Squares Structural Equation Modeling 

(PLS-SEM), intended to serve as a safeguard against 

model misspecification issues. 

Table 7. Model Fit 

Saturated 

Model 

Estimated 

Model 

SRMR 0,069 0,075 

Criteria Model Fit Model Fit 

Source: SmartPLS 3 (Prepared by the Authors) 

The findings revealed that both saturated and estimated 

model SRMR values fell below the 

0.10 or 0.08 thresholds, demonstrating that an 

appropriate model fit was achieved and model 

specification errors were avoided. Furthermore, the 

structural model exhibited strong explanatory power for 

the data and proved to be dependable for informing 

decision-making processes. 

3.7 Direct and Indirect Effect Analysis 

In statistical analysis, the relationship between P-values 

and the established significance threshold is commonly 

set at 5% (α = 0.05). When P-values are at or below 0.05, 

this indicates that the independent variable exerts a 
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statistically significant partial influence on the  

dependent variable, with a 5% probability. Conversely, 

when P-values exceed 0.05, this suggests that the 

independent variable does not demonstrate a statistically 

significant partial effect on the dependent variable at the 

5% significance level. 

Table 8. Direct Effect and Indirect Effect 

Source: Source: SmartPLS 3 (Prepared by the Authors) 

From the results of direct effect testing, it shows that 

Social media has no significant effect on investment 

decision making and risk tolerance with a p value of 

0.607 and 0.525 respectively. From these results it can 

be seen that H1 in this study is rejected. Meanwhile, 

social interaction has a positive and significant effect on 

both investment decision and risk tolerance with each p 

value of 0.000. From these results, H2 in this study is 

accepted. Loss Aversion as a control variable also has a 

positive significant effect on investment decision 

making with a p value of 0.006. Risk tolerance as a 

mediating variable directly also has a positive and 

significant effect on investment decision making with a 

p value of 0.000. 

3.8 Research Model 

The framework for the research model is shown in 

the following figure: 

The results of indirect effect testing show that social 

media has no effect on investment decision making with 

risk tolerance as a mediating variable with a p value of 

0.531. Meanwhile, social interaction has a positive and 

significant effect on investment decision making with 

risk tolerance as a mediating variable with a p value of 

0.000. These results indicate that H3 in this study is 

rejected and H4 is accepted. 

Figure 2. Research Model 

Source : Developed by the Authors 

Original

Sample (O)

Sample

Mean (M)
P Values Result

Social Media -> Investment Decision 0,030 0,031 0,607 Not Significant

Social Media -> Risk Tolerance 0,044 0,038 0,525 Not Significant

Social Interaction -> Investment Decision 0,282 0,282 0,000 Positive Significant

Social Interaction -> Risk Tolerance 0,379 0,389 0,000 Positive Significant

Loss Aversion -> Investment Decision 0,226 0,231 0,006 Positive Significant

Risk Tolerance -> Investment Decision 0,521 0,519 0,000 Positive Significant

Social Media -> Risk Tolerance -> Investment Decision 0,023 0,020 0,531 Not Significant

Social Interaction -> Risk Tolerance -> Investment Decision 0,197 0,202 0,000 Positive Significant
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4. Discussion
4.1 Social Interaction to Investment Decision

The research findings demonstrated that social 

interaction variables significantly influenced investment 

decision-making processes. The study revealed that 

social dynamics substantially shaped individual 

viewpoints, with conversations and interactions among 

members of one's social network-encompassing friends, 

family members, and professional contacts-serving as 

key influencers of personal perspectives. Individuals 

demonstrated a mutual influence pattern, both shaping 

and being shaped by prevailing opinions within their 

immediate social circles. Consequently, social 

interactions emerged as determinants of investment 

decision- making behavior, thereby confirming H1. 

These findings aligned with previous studies conducted 

by [1; 23-26].  

4.2 Social Media to Investment Decision 

The study found that social media variables did not 

influence investment decisions, as information 

disseminated across various platforms often lacked 

verification, contained bias, or was potentially 

misleading. This situation led experienced investors to 

develop skepticism, causing them to rely more heavily 

on credible and authenticated information sources. 

Moreover, the overwhelming volume of information 

available on social media platforms created challenges 

in identifying accurate and pertinent content. Sentiment 

expressed on social media frequently failed to accurately 

represent underlying market fundamentals and actual 

performance metrics. Despite social media's extensive 

reach and accessibility, it demonstrated minimal impact 

on investment decision-making, particularly among 

seasoned investors. These findings resulted in the 

rejection of H1, which corresponded with research 

conducted by [27-35]. 

4.3 Risk Tolerance as Mediated 

The research further revealed that risk tolerance 

functioned as a mediating factor in the relationship 

between social interaction and investment decisions. 

Social exchanges with peers, family members, or 

industry professionals influenced how individuals 

conceptualized and evaluated investment-related risks. 

Through discussions, knowledge sharing, and exposure 

to others' investment experiences, personal risk 

perceptions regarding various investment alternatives 

underwent modification. These altered perceptions 

subsequently increased or decreased individual risk 

tolerance levels. Additionally, through interpersonal 

interactions, risk tolerance functioned as an evaluative 

criterion for investment decision- making, supporting 

H4. These outcomes were consistent with research 

findings from [36-56]. 

The study also determined that risk tolerance failed to 

serve as a mediating variable between social media 

exposure and investment decisions. Experienced 

investors maintained skepticism toward information 

obtained from social platforms, meaning such content 

did not substantially alter their risk perceptions. This 

lack of influence on risk assessment contributed to the 

rejection of H3, indicating that the pathway from social 

media through risk tolerance to investment decisions 

was not statistically significant among the study 

participants. 

5. Conclusion
The research results indicate that social interactions

have an influence on investment decision-making. 

Joining investor communities can provide valuable 

learning through sharing experiences and knowledge. 

Discussions with mentors or experienced investors can 

help broaden insights and improve investment 

strategies. Meanwhile, to avoid negative impacts from 

social interactions in investing, the most important thing 

is to build strong information filters. Every investment 

recommendation or tip needs to be validated with 

independent research and adjusted to personal financial 

goals.  

The findings on social interaction influence provide 

strong empirical support for Social Capital Theory and 

Network Theory of Social Capital, demonstrating how 

social networks function as valuable resources in 

investment decision-making through information 

exchange and social learning. Future research can add 

other social factors that may influence an investor's 

investment decision-making. Additionally, future 

research can also collaborate other factors such as 

psychological conditions and socio-demographics to 

examine their influence on investment decision-making. 

Limitations 
Despite methodological rigour and a reasonably 

representative sample, several limitations temper the 

interpretability of our results. First, the analysis relies on 

self-reported questionnaires, which expose the data to 

social-desirability bias and recall error—respondents 

may, for instance, overstate their financial knowledge or 

under-report impulsive trades. Second, the cross-

sectional design precludes temporal ordering; social 

interaction and risk tolerance were measured 

simultaneously, leaving causal direction inferential 

rather than demonstrable. Third, the sampling frame is 

confined to Indonesian retail investors, most of whom 

hold tertiary degrees and enjoy reliable internet access; 

findings may not generalise to markets with different 

digital infrastructures or collectivist norms. Fourth, the 

model controls for only one psychological covariate—

loss aversion—while omitting overconfidence, 

endowment effects and other biases that could attenuate 

or inflate the mediating pathway. Fifth, exposure to 

social media is treated as an aggregate construct, without 

distinguishing platform type, content quality or 

algorithmic curation, thereby obscuring granular 

mechanisms. Finally, although partial least-squares 
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structural-equation modelling is appropriate for 

exploratory work, it is generally less powerful for 

detecting small effects than covariance-based SEM and 

may therefore underestimate weak but meaningful 

relationships. Recognising these constraints invites 

future validation through multilevel, longitudinal and 

cross-cultural designs with finer operationalisations. 

Future Directions 
Future inquiries could, first, adopt longitudinal panel 

designs that track shifts in risk tolerance and network 

structure following exogenous shocks—regulatory or 

macroeconomic—to establish causal dynamics. Second, 

expanding the geographic scope to an ASEAN 

comparison would permit tests of cultural moderators 

such as individualism scores or informal-institution 

strength. Third, combining traditional surveys with 

digital ethnography and big-data analytics—mining 

public tweets, YouTube comments and forum posts—

would enable objective sentiment measurement and 

content verification. Fourth, researchers should model 

non-linear and threshold effects; social influence may 

surface only beyond a critical network density or under 

high volumes of negative noise. Fifth, cohort 

heterogeneity deserves attention: Generation Z may 

respond to influencers differently from millennials, 

whereas older investors might rely more on offline 

advice. Sixth, incorporating cognitive and affective 

mediators—financial self-efficacy, fear of missing 

out—would allow multi-step mechanism tests. Finally, 

agent-based simulations in which agents receive 

heterogeneous social signals could conduct virtual 

experiments free from ethical constraints, clarifying the 

network parameters that tip markets toward irrational 

dynamics. 

Practical Implications and 

Recommendations 

The evidence offers actionable insights for regulators, 

brokers and educators. First, because offline 

communities enhance investment propensity, the 

Indonesian Stock Exchange should subsidise certified 

investor clubs at universities and tech parks, financing 

expert seminars and mentoring schemes. Second, given 

the mediating role of risk tolerance, brokerage apps 

ought to embed interactive risk-profiling tools and tailor 

dashboards accordingly: conservative users see capital-

preservation scenarios; aggressive users view portfolio 

volatility projections. Third, the null effect of social 

media underscores a need for media literacy. Fourth, tax 

incentives for accredited risk-management courses 

would encourage uptake of CFA Institute modules or 

local equivalents. Fifth, commercial banks might 

integrate moderated client forums into their digital 

channels, employing peer-review mechanisms so that 

investment tips pass expert screening. Finally, industry 

bodies should develop insight panels to monitor which 

forms of social engagement raise client confidence, 

enabling firms to personalise services and reduce 

account churn. 

Theoretical Contribution 
This study advances behavioural-finance scholarship in 

three ways. First, it refines the concept of social capital 

by disentangling offline networks from online feeds, 

thereby supporting the view that information channels 

are context-specific rather than fungible. Second, it 

extends risk-behaviour models by demonstrating that 

risk tolerance is the pivotal conduit through which social 

interaction translates into market participation, adding a 

social layer to the individual utility focus of prospect 

theory. Third, the null finding for social-media exposure 

constitutes a meaningful boundary condition, signalling 

that content quality and format must be considered 

before attributing explanatory power to digital channels. 

In addition, the work confirms the suitability of PLS-

SEM for complex behavioural models in emerging 

markets and supplies a validated indicator set for future 

cross-cultural comparisons. Collectively, these insights 

integrate network sociology with financial rationality 

frameworks, offering a more nuanced understanding of 

how social structures steer individual investment 

decisions in the era of digital transformation. 
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