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Abstract: This paper presents a new segmentation algorithm that uses priority components in HSI (Hue, 

Saturation, Intensity) color space. The algorithm (named SegPC) is designed for HSI color space to support image 

understanding in different areas of human activities because this color space is modeled to be closer to humansô 

color perception. The innovative idea for the usage of all color components with respect to their importance is 

exploited in algorithm development. Two parameters are used for controlling the segmentation process, the first 

parameter is the number of colors used in the segmentation process and the second is the order of applying 

calculated thresholds for color components. The main goal of the research is the analysis of the proposed new 

segmentation algorithm. A set of images with different types of histograms is used for practical examination of the 

developed algorithm. The peak signal-to-noise ratio (PSNR) is used as a measure of the effect of image 

segmentation. The highest PSNR values (å22 for images with histogram near to bi-modal type and å23 for images 

with histogram with several peak values) are calculated for the priority of color components in which the first 

analyzed component is color intensity and the number of colors in the segmented image is a quarter of the number 

of colors in the input image. This result could be explained by the meaning of the intensity component which 

describes the brightness of the color and because of this, it carries a significant part of color information. The time 

complexity of SegPC is evaluated through theoretical analysis and experimentally. It is observed that performance 

time depends on three variables: first, the size of the image strongly influences time complexity (when the size of 

the image increases then the time for processing increases too), second, the number of colors also is related to time 

for processing, and third, the selected color components chosen as per the priority has a weak influence on time 

complexity because it defines the number of pixels which have to be additionally analyzed. The developed 

algorithm presents promising results. Thus, it could be applied in image analysis and natural sciences. 

Keywords: image processing, segmentation, HSI color space, peak signal-to-noise ratio. 

 

 

 

( )

22 23



Bosakova-Ardenska et al. An Algorithm for Image Segmentation in HSI Color Space, Vol. 49 No. 6 June 2022 

63 

 

 

 
 

1. Introduction  

Image segmentation is an important step in image 

analysis. It is ʘ technique of dividing a digital image 

into different sets of pixels, i.e., pixels in a region are 

similar according to some homogeneity criteria such as 

color, intensity, or texture, to locate and identify objects 

and boundaries in an image [1]. It is used for filtering 

noisy images, medical applications, locating objects in 

images, face recognition, and fingerprint recognition 

[2]. There are many segmentation methods, and the 

choice of an appropriate technique is decided by the 

particular image type and the problem's characteristics 

that have been considered [3]. The most popular 

techniques are for global gray-level thresholding, and 

many algorithms have been proposed in this direction, 

like the works of Rosin [4]. A different approach for 

image thresholding is dividing the image into more 

levels than objects and background. It uses multi-level 

thresholding, but the main problem is its large time 

complexity [5]. 

In image processing, color image segmentation is a 

priority task by image analysis. Researchers use 

algorithms for color image segmentation like mean-

shift clustering [6], Markov random ýeld models [7], 

and hybrid methods [8]. In addition, the statistical 

information for the distribution of colors of pixels 

(histograms) in RGB color space is used to solve the 

multi-level thresholding problem [9]. 

 

2. Algorithms for Image Segmentation in 

HSI Color Space 
Image segmentation could be applied in RGB and 

other color spaces. Some researchers compare the 

results of segmentation in RGB and HSI color spaces 

in processing images of blood samples from patients 

with acute leukemia. The proposed algorithm segments 

each leukemia image into two regions: blast cells and 

background. There are applied segmentation algorithms 

in both color spaces to select the best technique for 

detecting the blast in blood sample images. The results 

show that using RGB color space is inappropriate in 

this case. On the other hand, an HSI color system and a 

saturation component can provide almost similar pixel 

values and shapes of original blasts [10]. 

Malaria parasites could be detected by segmenting 

images of red blood cells infected with malaria. It uses 

k-means clustering segmentation to segment the 

infected cell from the background. Different color 

components of RGB, HSI, and C-Y color models have 

been analyzed to identify the color component that 

could give significant segmentation performance. The 

research proved that segmentation using the S 

component of HSI color space is the best for obtaining 

fully segmented infected cells [11]. 

Another area where segmentation methods could be 

applied is raisin detection for various lighting 

conditions. The aim is to distinguish the observed 

objects into desired, undesired, and background regions. 

The input images are converted to HSI color space and 

segmented using a permutation-coded genetic 

algorithm. The results show that the proposed approach 

is effective [12]. 

Lesquerella canopies are used as an oil substitute in 

manufacturing many industrial products. They are 

yellow flowers that have two seasons of growth. A 

method for remote monitoring of flowering of 

Lesquerella canopies has been proposed. Digital 

cameras collect images, converted into an HSI color 

system to be segmented. The presented results prove 

that the proposed method for segmentation in the HSI 

color space is suitable for the purpose and not affected 

by variable outdoor lighting conditions [13]. 

It could be summarized that extracting information 

from some components of HSI color space has a 

practical application in various natural sciences. 

Depending on the particular characteristics of the 

processed images, a special processing algorithm is 

designed. In this context, developing automatic 

methods for image analysis in HSI color space based 

on segmentation techniques is an actual problem. 

The main idea behind this research is to propose an 

image segmentation algorithm that deals with all color 

components in HSI color space using the priority of 

color components to extract more important 

information from the image. 

 

3. Algorithm for Segmentation Using 

Priority Components (SegPC) in HSI 

Color Space  
The color image is stored in digital form as a file in 

BMP format and described in the RGB color system. 

Because of this, as a preliminary step, the image has to 

be converted into HSI color space. The conversion is 

based on well know classic formulae [1]: 

Ὄ ὧέί
Ȣ

Ȣ                          (1) 
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Ὓ ρ ÍÉÎ ὙȟὋȟὄ                                  (2) 

Ὅ                                                                       (3) 

The image presentation in HSI color space defines 

the sets of pixels (segments) that have to be in the same 

color. 

 

3.1. Segmentation with Priority Components 

Let the image be sized mxn (Im). The number of 

colors in segmented image k is limited to a quarter of 

the number of colors in the input image. Its maximum 

value is 64 (the intensity of color in the grayscale 

image is between 0 and 255). This limitation is 

motivated by the basic concept of segmentation - it has 

to reduce the number of colors to prepare images for 

object extraction. 

Depending on priority order, the sets of pixels with 

different colors are defined (D1, D2, é, Dk). The set of 

pixels D1 contains pixels colored in black by image 

segmentation, and the set of pixels Dk contains pixels 

colored in white. The other sets (D2, D3, é, Dk-1) 

contain pixels that have to be colored in gray with 

different intensities. Pixels falling in the set D1 are the 

union of a part of pixels falling in A1, a part of pixels 

falling in B1, and all pixels falling in C1. The sets of 

pixels Ai (i = 1, 2, é, k) are defined using the first 

color component in priority order (Formula 4). 

ὅ Ḱὃ᷾ὃ ᷾ὃ ᷾ȣ᷾ὃ ẕ ὃ               (4) 

Every pixel belongs to only one set of pixels Ai 

(Formula 5). 

ὃ᷊ὃ ᷊ὃ ᷊ȣ᷊ὃ  ɲ                                    (5) 

The union of sets of pixels Ai defines the image 

unambiguously. The sets of pixels Bi (i = 1, 2, é, k) 

are defined using the second color component in the 

priority order (formula 6), and their union defines the 

set A1. 

ὅ Ḱὄ᷾ὄ᷾ὄ᷾ȣ᷾ὄ ẕ ὄ ὃ     (6) 

The intersection of all sets of pixels Bi is an empty 

set (formula 7). 

ὄ᷊ὄ᷊ὄ᷊ȣ᷊ὄ  ɲ                                     (7) 

The sets of pixels Ci (i=1, 2, é, k) are defined using 

the third color component in the priority order 

(Formula 8), and their union defines the set B1. 

ὅ Ḱὅ᷾ὅ᷾ὅ᷾ȣ᷾ὅ ẕ ὅ ὄ      (8) 

The intersection of all sets of pixels Ci is an empty 

set. 

ὅ᷊ὅ᷊ὅ᷊ȣ᷊ὅ  ɲ                                      (9) 

Finally, the set of pixels D1 could be defined by the 

next equation: 

Ὀ ẕ ὄ᷾ẕ ὅ                                                   (10) 

The second and third color components are applied 

to separate pixels that fall in set A1 (colored in black) 

because there are presented pixels with dark color, 

which could contain shadows. Thus, they have to be 

differentiated from other pixels. 

The decision to distribute pixels into defined sets of 

pixels (Di; i = 1, 2, é, k) is based on two predicates. 

The first predicate (Formula 11) is designed to identify 

all pixels that must be colored in black (distributed into 

set D1). The second predicate (Formula 12) implements 

the distribution of remaining pixels (m*n - |D1|; m- 

width of the image, n- high of image) into sets of 

pixels. 

Di (i= 2, 3, é, k). 
ὖὅ ȟὑ
ὸὶόὩ ὭὪὍάὭȟὮ ὅ Ὕ ẒὍάὭȟὮ ὅ Ὕ Ẓ

ὍάὭȟὮ ὅ Ὕ

ὪὥὰίὩȟέὸὬὩὶύὭίὩ

            (11) 

The value K1 is the black color in the segmented 

image, and T1 is the first threshold value defined for the 

color component. 

ὖὅ ȟὑ

ὸὶόὩ ὭὪὍάὭȟὮ ὅ ὑ

ὪὥὰίὩȟέὸὬὩὶύὭίὩ
                                  (12) 

The p has a value of 2 or 3 and presents the second 

and third priority components. K l (l= 2, 3, é, k) is a 

color in segmented image. 

The threshold values (Ti; i= 1, 2, é, k-1) are 

defined as medians in a set of pixel values for every 

color component. 

Statement 1: The distance between two couples of 

threshold values (Ti, Ti+1) and (Tj, Tj+1) is a constant. 

Proof: Let a set S1 be composed of all pixels which 

have a color value smaller than T1 (si<Ti; i=1, 2, é 

(m*n/k)) and a set S2 be composed of all pixels which 

have a color value smaller than T2. The median values 

are defined for the sorted row of pixels (their colors) Ÿ 

T1 is smaller than T2 (T1 < T2), and all elements of S1 

are smaller than elements that fall in S2. All elements 

smaller than T2 define a set for which T1 is a median Ÿ 

|A1|ſ|A2|. Let a set S3 be composed of all pixels with 

color values smaller than T3. All elements smaller than 

T3 define the set S3. The value T3 is also median Ÿ 

|A2|ſ|A3|. With mathematical induction, it could be 

supposed that |A i|ſ|A i+1| => the distance between two 

couples of threshold values, (Ti, Ti+1) and (Tj, Tj+1), is a 

constant. 

 

3.2. Region Definition 

The segmented image consists of regions 

(segments) which are the results of the segmentation 

procedure. In common, the number of regions is bigger 

than the number of colors (K). Two regions are 

neighbors if their color is different; consequently, the 

regions with the same color are not neighbors. Let Ri 

and Rj be the regions with the same color. 

Ri = { p1, p2, p3, é, pr }  

Rj = { p1, p2, p3, é, pq } , r = q or r Í q 

Every pixel which is part of Ri or Rj has the original 

color between thresholds (Tl, Tl+1) => one of the 

predicates (11 or 12) is true. The maximum distance 

between ὴ and ὴ  is |Tl - Tl+1|, and the minimum 

distance is zero. The variance between mathematical 

expectations for two regions with the same color is ‐ 
(Formula 13). 

ὴ ὴ ‐                                                               (13) 
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Let two regions, Rx and Ry, have the same color, but 

it is different from the color of regions Ri and Rj. The 

mathematical expectations for these regions (Rx and 

Ry) are ὴ and ὴ. Let the pixels which are part of Rx 

or Ry have an original color between thresholds (Tl+1, 

Tl+2) => one of the predicates (11 or 12) is true. Then, 

the variance between Ri and Rj is smaller than between 

Rx and Ry. 

ὴ ὴ ὴ ὴ                                                 (14) 

Thus, the probability (Ὑ) for a fixed couple of 

regions of Im is not more than ‏ π ‏ ρ). 
 

3.3. Time Complexity 

The conversion of Im into an HSI color space forms 

the first part of the time complexity function. This 

processing involves a sequence of arithmetic 

calculations for every pixel, and thus its complexity is 

N
2
 (N- size of input image (m*n)). The next step of the 

SegPC algorithm is the calculation of thresholds, which 

are needed for the segmentation process as they are 

part of segmentation predicates. The time complexity 

of this calculation is NlogN, because the quick sort 

algorithm is used for sorting to identify median values. 

The predicates of time complexity depend on two 

parameters, namely, the number of colors (K) and 

number of pixels that form the set A1. 

ὸ Ὢὑȟȿὃȿ                                           (15) 

When the number of colors increases, the time for 

processing also increases. Some fluctuations may 

appear in this trend because the number of pixels that 

fall in set A1 also influences the time for processing.  

Ὕ ὔ ὔὰέὫὔὸ                              (16) 

The upper asymptotic bound of the time complexity 

of SegPC is O (N
2
). 

 

4. Peak Signal-to-Noise Ratio and Its 

Application  
Peak signal-to-noise ratio (PSNR) is used to 

calculate the ratio between the maximum possible 

signal power and the power of the distortion noise that 

affects the quality of the representation. This ratio is 

usually calculated as a logarithmic quantity using the 

decibel scale. PSNR is described mathematically by 

Equations (17) and (18). 

ὖὛὔὙ ρπÌÏÇ         (17) 

ὓὛὉ В В ὍὭȟὮ ὑὭȟὮ             (18) 

where MAX is the highest possible value of the signal. 

If the input is a grayscale image of 8 bits, then MAX = 

255. MSE is the mean squared error between the 

original image and the reconstructed image. The 

parameters m and n are the number of rows and 

columns, respectively, in the image. The PSNR is 

inversely proportional to the MSE [14].   

 

4.1. Usage in Filtering  

PSNR is often used to evaluate denoising 

algorithms. Mohideen et al. [15] discussed a method 

for additive random noise that can easily be removed 

using simple threshold methods. Wavelet denoising 

scheme thresholds the wavelet coefficients arising from 

the standard discrete wavelet transform. Research has 

been proposed on the suitability of different wavelet 

bases and the size of different neighborhoods on the 

performance of image denoising algorithms in terms of 

PSNR [15]. 

Erkan et al. proposed a method to remove salt and 

pepper noise and used PSNR to compare the obtained 

results with the results of other methods [16]. 

Sara et al. performed simulation experiments using 

Gaussian noise through a Gaussian filtering technique. 

The image quality was evaluated by applying different 

metrics, such as structured similarity indexing method 

(SSIM), feature similarity indexing method (FSIM), 

MSE, and PSNR. The results were similar for all used 

metrics. If the noise level is increasing, then the 

recovery quality of the output image will decrease [17]. 

Image denoising is an important part of the analysis 

of MRI brain scan images because it removes the 

undesirable noisy components. Denoising technique 

plays a significant role in sustaining the stability 

between two components: noise removal and 

preservation of image features. Different methods for 

denoising are applied on a dataset of MRI images, and 

the results are validated by calculating the PSNR value 

[18].  

 

4.2. Evaluation of Segmentation 

PSNR is also used to measure contrast 

enhancement. This ratio is used as a quality 

measurement between original and contrast-enhanced 

images. The most appropriate image processing method 

can be selected by comparing the results obtained for 

the PSNR [19].  

Jumb et al. presented an approach for color image 

segmentation. The proposed processing includes the 

conversion of images to an HSV color space and 

segmentation based on Otsuôs method and K-means 

clustering for regions merging. The segmented images 

obtained through processing with the proposed 

approach and other algorithms are compared using the 

PSNR value [20]. 

Other researchers also used image segmentation 

techniques based on the kernel subtractive and k-means 

clustering algorithm. Their results are compared with 

the segmentation results using the PSNR value in order 

to validate the effectiveness of the proposed method 

[21]. 

Wang et al. [22] proposed an automatic 

segmentation system to separate maize leaves from a 

complex background in digital images under different 

light conditions. The obtained results are compared 

with the results of processing with other segmentation 

algorithms. The PSNR value is calculated to measure 

how close the segmentation image is to the standard 
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image and how it aǟects the illumination changes [22]. 

Image segmentation methods are also applied in 

medical imaging systems, for example, to analyze lung 

images [25]. Three methods are used for image 

segmentation: connected threshold, neighborhood 

connected, and threshold level set segmentation. The 

different methods are compared based on the calculated 

performance evaluation parameters MSE and PSNR 

[23]. 

Bao et al. [24] proposed a hybrid algorithm for color 

image segmentation. Otsuôs method and Kapurôs 

entropy are used to determine the segmentation 

threshold values. The proposed a hybrid algorithm uses 

Harris hawks optimization and differential evolution. 

Seven known algorithms are compared using a set of 

images. Some measures, including PSNR, are used to 

evaluate the performance of each algorithm [24]. 

In the present paper, PSNR is used to evaluate the 

proposed algorithm. According to the obtained results, 

the most appropriate number of colors and the priority 

of components in image segmentation are set. 

 

5. Experimental Results 
A set of eight images is used to test the proposed 

algorithm. The images have different sizes as follows: 

WCB structure (3385 Ĭ 3393), CST laboratory (3500 Ĭ 

2625), Grebna Baza (1920 Ĭ 1440), ice cream (3500 Ĭ 

2333), Lena (512 Ĭ 512), cheese samples (2560 Ĭ 

1440), peppers (512 Ĭ 512), and tulips (1024 Ĭ 768). 

Two of the test images (Lena and peppers) are popular 

in image processing [1], and the remaining six images 

are captured in laboratories of the University of Food 

Technologies (which captures the structure of different 

types of food) in the city of Plovdiv. The histograms of 

the test images are presented on Fig. 1.  

Each of these images is converted to grayscale using 

the proposed segmentation algorithm. Before the 

segmentation is started, the desired number of colors 

and the priority of the components are set. The 

algorithm is tested with 2, 4, 6, 8, 10, 20, 30, 40 colors, 

and a quarter of the maximum possible colors of the 

image. The test images present different objects 

captured in different lighting conditions, so different 

maximum numbers of colors are obtained. For the 

image ñWCB structure,ò the maximum number of 

colors is 52, whereas for ñCST Laboratory,ò ñGrebna 

Baza,ò and ñcheese samples,ò 63 colors are used. The 

ñice creamò colors are 61 and 55 for ñLena.ò For 

ñpeppersò and ñtulips,ò 57 and 62 colors are used, 

respectively. The segmented images are saved in BMP 

format.  

The results for four images with different histogram 

types are presented in Fig. 2. The image ñWCB 

structureò presents the structure of Bulgarian white 

cheese in brine, the image ñGrebna Bazaò is captured 

on a rowing channel in Plovdiv, and the image ñLenaò 

and ñpeppersò are well known in the field of image 

processing. It used color componentsô priority 0 

(I
1
S

2
H

3
) and selected some colors for segmentation. 

WCB structure CST laboratory Grebna Baza Ice cream 

    
Lena Cheese samples Peppers Tulips 

    
Fig. 1 Image histograms 

 

 WCB structure Lena Peppers Grebna Baza 

Original 

    

2 colors 
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4 colors 

    

8 colors 

    

10 colors 

    

20 colors 

    

ı colors 

    

Fig. 2 Results for color componentsô priority 0 (I1S2H3) 
 

The obtained results for images ñLenaò and 

ñpeppersò are presented in Fig. 3 and 4, using all 

possible color types, components priority, and four 

versions of color number. It is observed that processing 

results for image ñLenaò are quite different in different 

segmentation modes (with different order of priority 

components), especially when the number of colors is 

higher than two. This image has a histogram with many 

small peaks (Fig. 1) and a high contrast among areas 

with different color intensities (hue). The presence of 

pixels with colors in different gamma (near to different 

basic colors like red and blue) significantly influences 

segmentation results in these modes, which are used as 

a first priority component Hue. The segmented images 

of ñpeppersò are very similar when only two colors are 

used in all possible modes to prioritize color 

components. The ñpeppersò image has three main 

peaks in a histogram. The segmentation with 20 and 

more colors with intensity usage as a first priority 

component leads to good quality results. 
 2 colors 8 colors 20 colors ı colors 

I1S2H3 

    

I1H2S3 
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S1I2H3 

    

S1H2I3 

    

H1I2S3 

    

H1S2I3 

    
Fig. 3 Results for image ñLenaò with all componentsô priority 

 
 2 colors 8 colors 20 colors ı colors 

I1S2H3 

    

I1H2S3 

    

S1I2H3 

    

S1H2I3 
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H1I2S3 

    

H1S2I3 

    
Fig. 4 Results for image ñpeppersò with all componentsô priority 

 

5.1. PSNR 

A program has been created in Scilab to calculate 

the PSNR value using formulae 17 and 18. The images 

segmented with the proposed algorithm (SegPC) are 

compared with the original image. For each image, 54 

PSNR values (6 modes [orders of priority components] 

x 9 values for the number of colors) are calculated. The 

PSNR values for couples of priority modes with the 

same first color component (for example, priority 0 and 

priority 1 have first priority color component Intensity) 

are very similar because the set of pixels A1 in these 

modes is the same. Fig. 5-7 show the PSNR values for 

priorities 0, 2, and 4, respectively. It is observed that 

the highest PSNR values are measured for priority 0 

(first processed component is intensity, second is 

saturation, and third is hue). This observation could be 

explained by the nature of the intensity component. 

Which implements the brightness of the color, and 

because of this, it significantly forms the sense of 

color. 

In all discussed priority modes, the lowest PSNR 

value is calculated for binary image (two colors). A 

significant increase in PSNR value is measured for the 

image with four colors compared to the same image 

segmented with two colors. PSNR value increases 

when the number of colors increases. In Priority Mode 

4 (Fig. 7), the lowest PSNR values are calculated for 

image "Lena," which corresponds with the visual 

evaluation of segmented images (Fig. 3, mode H
1
I
2
S

3
). 

 
Fig. 5 PSNR for Priority 0 (I1S2H3) 

 

 
Fig. 6 PSNR for Priority 2 (S1I2H3) 

 

 
Fig. 7 PSNR for Priority 4 (H1I2S3) 

 

5.2. Performance Evaluation 

The experimental time complexity evaluation is 

performed in the same conditions, as follows: 

1) Every image is processed ten times with selected 

parameters (priority of color components, number of 

colors). 

2) The measured time (ms) is summarized as an 

average value, and a standard deviation is calculated 

too. 

3) It uses a mobile computer system ASUS ROG-

STRIX with processor Intel(R) Core(TM) i5-10300H 

CPU @ 2.50GHz, 16MB memory, and Windows 10 

(64 bits) operating system. 

Fig. 8 presents the total time for image 

segmentation using 2, 10, and 20 colors and the priority 

of color components Intensity->Saturation->Hue 

(I
1
S

2
H

3
). 

Increasing the number of pixels (the size of the 

image is shown on the x-axis) leads to increased 
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processing time. The trend of the presented function is 

quadratic. 

 
Fig. 8 Average time for processing of all images 

 

Tables 1 and 2 present standard deviations (ů) 

calculated for the time of processing two tested images. 

It is observed that the standard deviation in the 

measured time is higher for the bigger image, which 

could be explained by the higher value of the measured 

times when the bigger image is processed. For all test 

images, the standard deviation of performance time, 

calculated as a percent of measured time, is between 

0.5% and 17% (the average value is about 4.9%). The 

average standard deviation („) for all test images is 

about 8.3. 

 
Table 1 Standard deviation (ů) of measured time for segmentation 

of small image (lena.bmp) 
 2 4 6 8 10 20 40 ı 

colors 

I1S2H3 2.24 1.94 1.18 1.42 1.20 1.66 0.92 1.54 

I1H2S3 0.66 1.36 1.04 1.60 2.53 0.54 1.17 1.55 

S1I2H3 0.46 1.41 1.42 1.64 1.47 2.06 0.46 1.81 

S1H2I3 0.98 1.89 1.28 1.49 1.19 0.60 1.00 1.50 

H1I2S3 1.30 1.69 1.20 1.81 1.40 2.05 1.14 0.54 

H1S2I3 0.66 1.69 1.55 1.17 1.30 0.64 1.73 1.76 

 
Table 2 Standard deviation (ů) of measured time for segmentation 

of big image (WCB structure.bmp) 
 2 4 6 8 10 20 40 ı 

colors 

I1S2H3 17.67 28.84 21.58 12.10 25.20 18.61 26.99 12.28 

I1H2S3 11.58 12.94 11.55 15.21 18.65 7.51 11.46 15.60 

S1I2H3 20.77 57.81 21.76 24.85 9.90 15.57 6.64 19.08 

S1H2I3 16.07 20.61 3.10 8.91 5.19 9.16 17.81 5.60 

H1I2S3 18.24 33.43 14.17 5.66 11.12 9.86 24.80 43.32 

H1S2I3 23.55 37.47 23.40 31.04 21.58 11.40 10.10 8.52 

 

The variance in measured time values is typical for 

performance on modern computer systems because 

they work in multitasking mode, and the loading of a 

system depends on various factors (such as the 

execution of background programs that check for 

updates). 

Fig. 9-12 present the average time for segmentation 

(t predicates) of four images using six modes for priority of 

color components and eight different values for several 

colors. 

The notations "Priority 0" to "Priority 5" 

corresponds with the priorities of color components as 

follows: 

ñPriority 0ò ſ I
1
S

2
H

3
; ñPriority 1ò ſ I

1
H

2
S

3
;  

ñPriority 2ò ſ S
1
I
2
H

3
; ñPriority 3ò ſ S

1
H

2
I
3
; 

ñPriority 4ò ſ H
1
I
2
S

3
; ñPriority 5ò ſ H

1
S

2
I
3
. 

 
Fig. 9 Average time for segmentation for image ñLenaò 

 

 
Fig. 10 Average time for segmentation for image ñPeppersò 

 

 
Fig. 11 Average time for segmentation for image ñGrebna Bazaò 

 

 
Fig. 12 Average time for segmentation for image ñWCB structureò 

 

It is observed that, when the number of colors is a 

constant, then the segmentation mode ("Priority 0" to 

"Priority 5") influences the time for segmentation. The 

differences in measured values for segmentation time 

are bigger when the number of colors is higher. In 

some cases, the time for segmentation decreases when 

the number of colors increases. For example, the 

average time for segmentation of image "WCB 

structure" for ten colors is 718.1 ms, but, for 20 colors, 


